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CityMapper1 tracks a city’s transit activity relative to a historical baseline. In 
Phase II, transit activity consistently stayed below 20%
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1. What are the key transmission parameters (e.g., transmission 
rates, death rate) associated with COVID-19 in BC?

2. What proportion of the population are silent spreaders? 

3. How do environmental variations contribute to the number of 
deaths and probability of ICU overload?
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Increasing CV has a greater effect on the number of deaths and number of silent 
infections when r is low. Lower r leads to higher uncertainty.
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An overlay of recorded cases and deaths on the simulation results, which shows good 
agreement between our hybrid model predictions and BC data.

Increasing r reduces the probability of ICU overload when transmission rate is low but 
has little effect when transmission rate is high. 
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CV Coefficient of variation controls the how far the 
transmission rate  can deviate from the mean4

Relates to change in adherence to social 
distancing

r Rate of return controls how fast the transmission 
rate is pulled back to the mean4

Relates to strictness of policing regarding public 
health policies

r = 0.05, CV = 0.5 r = 0.05, CV = 1.25

r = 1, CV = 0.5 r = 1, CV = 1.25

Transmission rate βi

Increasing CV when r is low will cause outbreaks to happen much faster.


